








deciding, whether these events were incidents of severe
snoring or have a different background.

1,00
0,90-
0,80
0,701

2 0,60-

0,50

0,401

0,30

0,20

0,10

0,00+——T—T1—
0,00 0,20

{.J“

itiv

True Positive
Sens

——
040 060 080 1,00
1-Specificity
False Positive

Fig. 1. ROC curve - normal breathing vs. all observed
events. Area Under Curve = 0, 99453. Cut off point -
0.37.
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Fig. 2. ROC curve - severe snoring vs. all other observed
events. Area Under Curve = 0,99025. Cut off point - 0.35.

4, Summary

The measurement of breathing through simultaneously
acquired acoustic and ECG signals was used to quantify
the respiratory obstruction during sleep and discriminate
the source of such events. In the case of patients
described in the study, it can be observed that selected
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acoustic and ECG parameters are changing in the
presence of breathing events. Statistical analysis of ROC
curves yielded very good results with visible strong
association between parameters. This suggests the
proposed parameters have a very high predictive value in
differentiating causes and severity of respiratory events
during sleep. Results can be used as an introduction for
designing a system for automatic analysis of breath based
on acoustic and cardiac parameters and show perspectives
in use of data mining, i.e. random forests [9, 10].
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